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A Survey of Object Tracking in UAV Videos
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Abstract ; The research on object tracking algorithms for UAV aerial videos has gained significant attention due to the rapid development
of UAV and related technologies. However, the increasing volume of video data presents numerous challenges that must be addressed for
effective target tracking. A comprehensive review of the algorithms used for object tracking based on UAV is provided. Specifically, the
three main target tracking algorithms based on correlation filtering, siamese network and tranformer are analyzed and discussed in depth.
Furthermore , the development and application requirements of UAV visual target tracking are summarized, and the corresponding pros-
pects are depicted.
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Z HAREREEHRE B MOTP ( Multi-Object Tracking Preci-
sion) IRAKE FE IDP ( Identification Precision) . 1F
TEO) B AGE N 55 e T S5 50 A BG4 B =2 T
IDF ( Identification F-Score) , MOTA /R H .

1- Y (FN + FP + IDSW)
MOTA = (1)
Y. GT
1 FN(False Negative ) B FH A , FP ( False
Positive ) A BH A% i, IDSW (ID Switch) S fiT 43
FC ) ID &A= AR AR YR EL, GT ( Ground Truth) A7 1E A
PrvE HFRAECE, € SC MOTP

[

L (2)

C
t

S d R F BRI 4 I O B 2 1A 4 T A
R P4 BB S ¢ g 7 4 I IS B 0 9
H., X IDP K.

MOTP =

13

IDTP
IDP=—— (3)
IDTP+IDFP
E X IDF 18450 .
2IDTP
IDF = (4)
2IDTP+IDFP+IDFN

FUH . IDTP (1dentity True Positives ) 1X 5% 78 2 /> L35
PRSI B bR 9k A 4B A &G, IDFN (1dentity False
Negetive ) A 75 5 4> AAT H A I H 5 Bl e 20 150 19 %5
i, IDFP (Identity False Positives ) Jy7E 245 6
W H AR R 7 B R R

it o E AR R R 2 12 W S5
HIPEAFE AR - WO B 1R 22 CLE( Center Location Ex-
ror) Fll X 38 # & % OP ( Overlap Precision) , CLE 3%
AT H AR b A 5 B SE B bR A B R R IR
B ZEBOR  UEIR 228K . L CLE

CLE=./(X,=X,)*=(Y,-Y,)’ (5)

KX, X, F Y, Y, 433 i B As oo 5 5
SRR BT A AR R, OP DL BRUOR i 6, 45
I b 321 FHE T AR 5 LS H bR 2 FURE TR Y e
K, ELOP K.

R,NR,
P=R UR, (6)
KR, (R, 43l R Bk 0 1 FAE X R T
PRI X 35K
4 REKEE
BEETRIE 2T HAR I K, B AR 72 TC ML
FHeRs bR B EE 2 T T g IR R, X
TE ARG B A B A Sk 1 J8 228 4 R LA Jr T .
OAKBFFE N IR FHEREES B, LA = H AR
ERAARE R s, — AR A2
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R SCRIE SUF R AR BE AR R AR B AR
MR A QUEAh, 2% 2T B AR A
PR S5 R AR O EE A, D R B T A = vk
(1) B AR ASI AR R R, DT 55030 B B3 1 52 4= Y
Y, Qf)a, shARE R ARIE @A 18 N 2%
SJUSEARMFFE R 2 N, AT DA a0 ey i AR
TE RO HARASTE [a] 81, D)3 5 3 F A0 U8 0%
A5 25 F Transformer 537 A& FE 14

S BT I BV 22 M, AR R BRI &

JETC MR GE B b R 5 7 R B o 3 | R B G 4
FHEBIS B RH AT,
5 Z5RiE

ARICAA T AN G B b EE AT 57 BUR

I RLE S HTE TAE , 45 5 T ML & J& 5 1
ok, 18 R SR RGBT AT LSRR AE (5 B B A7
=) BARKEIN AN BRERAT: 55 Sl A R VR AR T A Al
Hid WS R, A, A2 E A
BURLSE b BRI 00 75 2R R B B 12 1 4% T W 1438
PR TR LS AR AT AT
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