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Abstract; To improve the accuracy of motion intention recognition based on sensor data,the research of the motion
intention recognition method based on deep learning and multi-sensor data fusion was carried out. Firstly, the gait
data of 80 subjects were extracted under five gait models, including flat ground, 10° upslope and downslope ,and up-
stairs and downstairs. The nonlinear Diffusion Maps ( DM ) method was used to reduce the dimension of the data.
Features of data were extracted through short-term Fourier transform ( SIFT ) method. Secondly,the novel algorithm
models of serial hybrid network model based on Convolutional Neural Network and Herman Neural Network ( CNN-
ENN) were constructed. And the training of the model was completed. Finally, five volunteers were randomly
selected to participate in the experiment. Experimental results showed that the average accuracy of CNN-ENN serial
hybrid network model for multi-sensor fusion information was 95.86%. The recognition effect of human motion inten-
tion was higher than traditional CNN and weighted voting algorithm based on integrated learning ( MFR ) , with
10.21% and 16.37% respectively. It was showed that the research method combining deep learning model and
multi-sensor in-formation fusion technology has a good guiding value for improving the accuracy of motion intention
recognition.
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