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Multi-Sensor Fault Prediction Method Based on Regularized ISU-LSTM
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Abstract : Aiming at the problem that the existing multi-sensor cyber physical system transient fault prediction field
cannot be updated and detected, a sensor fault detection method combining long and short term memory network
with fast network regularization is proposed in this paper. This method uses the sparse idea of fast network ,designs
the insert sparse unit instead of forgetting gate and integrates dynamic equations to build long and short term memory
network with insert sparse units. This method establishs fault prediction algorithm in the field of multi-sensors fusion
system ; Secondly ,in actual production, a large number of features can not be determined, which may lead to the
problem of“derivative death” ,so an real-time monitoring model is established to achieve continuous updating of net-
work parameters and dimensions. Finally,through the simulation experiment of the actual food processing multi-sen-
sor cyber physical system,the model parameters are gradually optimized to obtain better prediction performance.
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