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Deep Negative Correlation Learning for WiFi Fingerprint Positioning

LIU Weiming ,JIN Tao™ ,WANG Qihang ,FENG Pengyu

(College of Information Science and Electronic Engineering , Zhejiang University ,Hangzhou Zhejiang 310027, China)

Abstract; A method based on deep negative correlation learning for Wiki indoor localization is proposed. By adop-
ting the negative correlation learning strategy on autoencoder and regressor modules, this method leads to much di-
versified decision surface ,thus cancelling out the errors from individual models from averaging over all models and
resulting in much better generalization ability. The experiments show that the deep negative correlation learning sub-
stantially enhances the model performance on the positioning during the long time interval. After implementing the
negative correlation learning,this method enables the average localization error at the initial state to drop from 1.57
m to 0.77 m. The average localization error only increases 0.12 m during the 60-day-experiment, which indicates
that it can weaken the impact of environmental changes on positioning.
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